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Abstract
Background and objective: Generative artificial intelligence (AI) tools such as ChatGPT are increasingly integrated
into healthcare, with potential to support clinical decision-making and improve patient outcomes. In palliative care, where
access to multidisciplinary expertise is often limited, these tools may provide support for symptom management. This
study aimed to systematically compare ChatGPT-4o and ChatGPT-5 for common palliative care symptoms across
four key domains: clinical appropriateness, safety, ethical sensitivity, and understandability.
Methods: Clinical scenarios representing 10 key symptoms (pain, anxiety, pressure ulcer, nausea, delirium, dyspnea, con-
stipation, diarrhea, dry mouth, and sleep disturbance) were presented first to ChatGPT-4o and, 1 week later, to
ChatGPT-5. Responses were evaluated independently by two physicians using a five-point Likert scale. Inter-rater agree-
ment was analyzed with weighted Cohen’s kappa and Spearman’s correlation. The statistical analyses in this study were
conducted using the Friedman test, Mann–Whitney U test, and Wilcoxon signed-rank test.
Results: Inter-rater agreement was consistently high across all domains (kappa 0.806–0.886, Spearman’s rho 0.813–
0.888; all p< 0.001). ChatGPT-5 outperformed ChatGPT-4o in clinical appropriateness (p= 0.010), safety (p= 0.002),
and understandability (p= 0.011). Ethical sensitivity scores were high for both models, with no significant difference
(p= 0.102).
Conclusions: ChatGPT-5 demonstrated measurable improvements over ChatGPT-4o in key domains of palliative care
symptom management, while maintaining consistently high ethical sensitivity. These findings provide the first systematic
evidence of the potential of generative AI, with the updated ChatGPT-5 model released in August 2025, as a complemen-
tary and reliable clinical decision support tool in palliative care.
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Introduction
Palliative care is a holistic model designed to improve the
quality of life for individuals with life-threatening illnesses
and their families.1–3 It encompasses both psychosocial
support and the relief of physical symptoms.2,3 The man-
agement of symptoms such as pain, nausea, dyspnea, delir-
ium, and anxiety is a cornerstone of palliative care, and
effective control is essential for patient well-being.1–3

However, as in many countries, the delivery of palliative
care services in Turkey faces several challenges.4,5 There is
no dedicated specialty for palliative care, and services are
often provided through the support of family medicine,

internal medicine, and geriatrics specialists.4 The number
of geriatricians is particularly limited and even absent
in some regions. Moreover, multidisciplinary teams exclu-
sively devoted to palliative care are not consistently
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available across healthcare institutions.4 These limitations
hinder timely and accurate decision-making, especially in
the management of acute symptoms, and highlight the
need for alternative support solutions.

In this context, generative artificial intelligence (AI) sys-
tems based on large language models (LLMs) have recently
emerged as transformative tools in healthcare, with applica-
tions in diagnostics, personalized treatment planning, and
clinical decision support.6–13 Among these, ChatGPT,
developed by OpenAI, has gained particular prominence
as one of the most widely accessible generative AI plat-
forms. Initially released as GPT-3.5 and GPT-4, it has since
advanced to ChatGPT-5, launched in August 2025, offering
enhanced reasoning capacity, broader integration of med-
ical knowledge, and potentially greater clinical rele-
vance.14–16

Within palliative care, studies suggest that generative
AI can provide accurate information, dispel misconcep-
tions, and clarify terminology. Nonetheless, concerns per-
sist regarding the consistency, quality, safety, and ethical
implications of its recommendations.14–17 To our knowl-
edge, this is the first study to systematically compare the
outputs of ChatGPT-4o and ChatGPT-5 in the context of
palliative care symptom management. Although newer
versions of ChatGPT might be expected to outperform
their predecessors,18,19 this assumption has not been sys-
tematically tested in palliative care, a domain in which
safety and ethical considerations are particularly critical.
While model generation updates may enhance overall rea-
soning capacity, they also carry the potential to uninten-
tionally alter safety profiles or ethical frameworks.20

Therefore, each new model iteration should undergo
renewed ethical evaluation.20 In this context, comparing
the most recent ChatGPT model with its immediate prede-
cessor reflects the rapid and iterative development of
LLMs, as successive versions are frequently adopted in
clinical and educational settings shortly after release.
Under such conditions, relative performance changes
between consecutive model versions are clinically and eth-
ically meaningful, as model updates may lead to substan-
tial improvements or unintended regressions in safety,
reasoning processes, or ethical framing. Accordingly, dir-
ect comparison with the immediately preceding model pro-
vides a pragmatic and methodologically appropriate
benchmark, enabling clinicians and researchers to assess
whether transitioning to a newer version is likely to confer
tangible benefits in high-stakes domains such as palliative
care symptom management, where safety and ethical sen-
sitivity are paramount.

Against this background, the aim of the present study is
to provide early evidence on the usability of generative AI
as a complementary decision support tool in palliative care
and to offer valuable insights for clinicians and researchers
interested in the responsible adoption of AI in healthcare.
Specifically, we evaluate the recommendations of

ChatGPT-4o and ChatGPT-5 in terms of clinical appropri-
ateness, safety, ethical sensitivity, and understandability.
Accordingly, beyond a simple generational performance
comparison, our aim was to examine whether successive
ChatGPT models can provide symptom focused support
that remains clinically appropriate, safe, and ethically
robust in palliative care.

Methods

Study design and model input
This study does not include any real patient data. The study
was conducted using a scenario-based simulation design
with quantitative expert ratings. Responses that received
lower scores were additionally examined descriptively to
contextualize the ratings more effectively. To determine
the target symptom set, current palliative care guidelines
and relevant reviews were examined, and hospitalization
patterns observed in tertiary-level palliative care units in
Turkey were also considered. In this way, the selection of
scenarios was ensured to realistically reflect national clin-
ical priorities. As a result of this process, 10 core symptoms
were identified: pain, anxiety, pressure ulcer, nausea, delir-
ium, dyspnea, constipation, diarrhea, dry mouth, and sleep
disturbance.

All ten case scenarios were developed by the investigator
through a structured and evidence-informed process. Based
on the literature review and national clinical patterns, the
investigator drafted short and open-ended scenarios for
each symptom and refined them iteratively to ensure clinical
realism, internal consistency, and clarity. Each scenario
included standardized elements such as patient age, diagno-
sis, symptom duration, relevant clinical or laboratory find-
ings, and current treatments. Considering that palliative
care is not yet recognized as a formal specialty in Turkey
and access to multidisciplinary teams is often limited, the
scenarios were prepared in Turkish to ensure a realistic
assessment of the applicability of LLMs for
Turkish-speaking healthcare professionals.

Two LLMs were evaluated: ChatGPT-4o and the most
recent version, ChatGPT-5, released in August 2025.
Identical scenarios were presented to both models, with
the timing determined by model availability. ChatGPT-4o
was evaluated in late July 2025, and ChatGPT-5 approxi-
mately 1 week later, immediately following its release. In
both evaluations, scenarios were presented with the
prompts: “How would you approach this situation?” and
“How should this symptom be managed?” An example
scenario with sequential responses from both models is pre-
sented in Table 1. All scenarios and model outputs are pro-
vided in the Supplementary Material. Reporting of this
simulation-based evaluation was informed by relevant
items from the STROBE-AI, adapted to the non-
interventional nature of the study.
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Evaluation of responses
Responses were independently assessed by two physicians
with at least 5 years of clinical experience, both actively
practicing in a tertiary-level palliative care unit. The same
evaluators participated in both assessment sets to ensure
consistency. One evaluator, who was also the study inves-
tigator and head of the unit, was not blinded to the origin
of the responses due to their involvement in scenario
design. The second evaluator was blinded to both the AI
origin and the specific model generating the responses. To
reduce potential bias related to partial non-blinding, evalua-
tions were conducted using predefined scoring criteria and
independent assessments.

Each response was evaluated across four domains:
Clinical appropriateness: the extent to which recommenda-
tionswere evidence-based and relevant. Safety: the avoidance
of potentially harmful or unsafe recommendations. Ethical
sensitivity: alignment with core ethical principles, including
respect for patient autonomy and informed consent, non-
maleficence, and appropriate benefit risk balance, respect
for dignity and privacy, and attention to patient and family
values through shared decision-making. Understandability:
clarity, simplicity, and ease of interpretation. Domains were
scored on a five-point Likert scale (1= completely incorrect,
5= completely correct). For statistical analyses, both individ-
ual and averaged rater scores were used.

Statistical analysis
All analyses were performed using IBM SPSS Statistics
version 27. Inter-rater agreement was examined using

weighted Cohen’s kappa and Spearman’s rank correlation.
Normality was tested using the Shapiro–Wilk test. As
data were not normally distributed, non-parametric methods
were applied. Domain score differences within each symp-
tom were tested with the Friedman test. Comparisons
between psychiatric symptoms (anxiety, delirium, sleep dis-
order) and non-psychiatric symptoms were analyzed using
the Mann–Whitney U test. Comparisons between the two
models (ChatGPT-4o and ChatGPT-5) were conducted
using the Wilcoxon signed-rank test. A p-value <0.05 was
considered statistically significant.

Ethical considerations
As no real patient data were used, ethics committee
approval was not required.

Results
A total of 10 palliative care symptom scenarios were eval-
uated with ChatGPT-4o and, 1 week later, with ChatGPT-5.
Each scenario was presented in the same format and con-
cluded with identical open-ended prompts. Responses
were assessed across four domains: clinical appropriate-
ness, safety, ethical sensitivity, and understandability.
Importantly, none of the responses contained misleading
or harmful information.

Inter-rater agreement
Inter-rater reliability was consistently high across all
domains for both models. For ChatGPT-4o, weighted

Table 1. Sample symptom scenario with ChatGPT-4o and ChatGPT-5 responses.

Symptom: Constipation

Scenario: A 47-year-old female with metastatic breast cancer is under follow-up in the palliative care unit for pain management. She
has experienced constipation and abdominal bloating for 5 days. She is receiving opioid analgesics. Laboratory findings are
unremarkable except for anemia. Her dietary fiber intake is insufficient, and daily fluid intake is approximately 800 mL.

Prompt: “How would you approach this case? How should this symptom be managed?”

Model Response

ChatGPT-4o Opioid-induced constipation should be considered. Laxative therapy should be initiated or optimized. Fluid and
fiber intake should be increased, and rectal intervention should be considered if necessary. A multimodal
approach (laxatives, fluid supplementation, dietary regulation) should be employed to achieve defecation, aiming
for symptom control without altering the opioid dosage.

ChatGPT-5 The presentation suggests opioid-induced constipation (OIC), likely related to the absence of prophylactic laxatives
at opioid initiation. Management should include increasing fluid intake to 1.5–2 L/day (if no contraindications) and
adding fiber-rich foods. Pharmacological treatment should start with a stimulant laxative (senna or bisacodyl) plus
a stool softener (docusate sodium), with osmotic agents (lactulose, polyethylene glycol) as needed. In refractory
cases, methylnaltrexone may be considered. Opioid dose review and possible rotation are advised.
Non-pharmacological measures include regular toileting and increased mobilization. Monitoring should focus on
laxative side effects, electrolyte balance, and resolution of abdominal distension.

Vuraloglu 3



Cohen’s kappa values were 0.871 for clinical appropriate-
ness, 0.820 for safety, 0.833 for ethical sensitivity, and
0.806 for understandability, with corresponding
Spearman’s rho values of 0.876, 0.825, 0.832, and 0.813
(all p< 0.001). ChatGPT-5 showed similarly high agree-
ment, with kappa values of 0.886, 0.844, 0.859, and
0.841, and Spearman’s rho values of 0.888, 0.849, 0.861,
and 0.845 (all p < 0.001). These results confirm the reliabil-
ity and consistency of the expert evaluations. The consist-
ently high inter-rater agreement observed across all
evaluated domains supports the robustness of the evaluation
process and indicates that any potential bias introduced by
partial unblinding was minimal and did not meaningfully
influence the results.

Symptom-specific evaluation
As shown in Table 2, ChatGPT-5 consistently achieved
higher scores than ChatGPT-4o across nearly all domains.
Clinical appropriateness: The largest improvements were
observed in anxiety, pressure ulcer, nausea, dry mouth,
and sleep disturbance scenarios. Safety: GPT-5 showed not-
able gains in delirium, constipation, and diarrhea scenarios.
Ethical sensitivity: Both models scored highly, though
GPT-5 achieved perfect scores (5.0) in pain, delirium, dys-
pnea, constipation, diarrhea, dry mouth, and sleep disturb-
ance. Understandability: The greatest improvement was
seen in the sleep disturbance scenario.

Descriptive analysis of lower-scoring responses
Lower scores in both models were primarily due to insufficient
scenario-specific detail, limited articulation of risk–benefit
considerations, suboptimal structuring of recommendations,
and incomplete integration of ethical sensitivity. In clinical
appropriateness, omissions included disease-specific strategies
(e.g. bisphosphonates or denosumab for metastatic bone pain,
targeted antiemetic regimens, standardized protocols for
opioid-induced constipation) or incomplete diagnostic frame-
works (e.g. staging in pressure ulcers, systematic etiologic
workup in delirium). In safety, common gaps included lack
of monitoring parameters, limited specification of contraindi-
cations or adverse effects (e.g. benzodiazepine risks in
COPD/dementia, QT prolongation, drug–drug interactions),
and insufficient escalation/de-escalation pathways. In ethical
sensitivity, deductions stemmed from inadequate attention to
informed consent, incomplete discussion of risk–benefit bal-
ance, and limited incorporation of patient preferences. For
example, in the COPD-related anxiety scenario, benzodiazep-
ine risks were not clearly communicated, consent processes
were absent, and long-term psychiatric planning did not suffi-
ciently integrate patient choice. In the pressure ulcer scenario,
failure to establish accountability mechanisms for reposition-
ing and limited emphasis on patient care rights reduced ethical
scores. In understandability, reductions were linked to the

absence of stepwise algorithms, unclear sequencing of man-
agement, and insufficiently detailed action plans that could
hinder clinical implementation. Overall, while both models
provided contextually accurate and relevant recommendations,
performance declined when precision, structured guidance,
explicit safety frameworks, and comprehensive ethical integra-
tion were lacking.

Within-symptom domain comparisons
Friedman test results showed that, in ChatGPT-4o, signifi-
cant domain differences were observed only for nausea
(χ2= 7.82, p= 0.049), with the highest score in clinical
appropriateness and the lowest in understandability. In
ChatGPT-5, significant differences were observed in anx-
iety (χ2= 11.20, p= 0.011) and nausea (χ2= 8.23, p=
0.042). For anxiety, ethical sensitivity scored highest and
safety lowest, whereas for nausea, clinical appropriateness
was highest and understandability lowest.

Psychiatric vs. non-psychiatric symptom comparisons
Between-group comparisons revealed that, in ChatGPT-4o,
ethical sensitivity was significantly higher for psychiatric
symptoms (U= 3.0, p= 0.043), while clinical appropriate-
ness (p= 0.999), safety (p= 0.161), and understandability
(p= 0.248) showed no differences. In ChatGPT-5, under-
standability was significantly higher for non-psychiatric
symptoms (U= 2.0, p= 0.033). Differences in clinical
appropriateness (p= 0.999) were non-significant, while
safety (p= 0.080) and ethical sensitivity (p= 0.073)
approached significance (Figure 1).

Wilcoxon signed-rank tests demonstrated that ChatGPT-5
performed significantly better than ChatGPT-4o in clinical
appropriateness (p= 0.010), safety (p= 0.002), and under-
standability (p= 0.011). The improvement in ethical sensi-
tivity was not statistically significant (p= 0.102) (Table 3).
Visual analyses supported these results, with radar charts
showing a consistent upward shift in GPT-5 scores across
all domains, most notably in safety and understandability
(Figure 2).

Discussion
In this study, 10 symptom scenarios related to palliative
care were presented to ChatGPT models. According to
expert evaluations, the ChatGPT-5 model, launched in
August 2025, was found to perform better than the
ChatGPT-4o model in palliative care symptom manage-
ment in terms of clinical appropriateness, safety, and under-
standability. However, in both models, certain symptom
responses exhibited limitations regarding clinical appropri-
ateness, safety, ethical sensitivity, and understandability.

Most of the existing studies examining the role of
ChatGPT in palliative care have been conducted within
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the last 2 years. To our knowledge, no prior research com-
prehensively matches this study in terms of scope, design,
and methodological rigor. The study findings will make a
distinctive and timely contribution to the literature.
Importantly, as ChatGPT-5 has only recently been released,
this investigation stands among the first to assess its perform-
ance in the context of palliative care. Furthermore, the direct,
scenario-based comparison between ChatGPT-5 and its pre-
decessor, ChatGPT-4o, offers a rare and valuable perspective
on the evolution of LLM capabilities, enabling an evidence-
based appraisal of generational advancements relevant to
clinical decision support. However, a thematically similar
study was conducted by Braun et al. in 2023. In the study
published by Braun et al., the quality and guideline concord-
ance of ChatGPT’s treatment suggestions for palliative
symptoms specific to gynecologic oncology were evalu-
ated.21 In this study, ChatGPT’s responses to 10 different

gynecologic symptom scenarios were analyzed by medical
experts.21 The findings of the study indicate that language
models such as ChatGPT can provide general treatment
recommendations for patient symptoms that are largely con-
sistent with clinical guidelines.21 However, it was noted that
ChatGPT occasionally omitted important treatment options
and was unable to provide a personalized treatment plan.21

Like the findings of Braun et al., this study also revealed
that ChatGPT’s treatment responses were insufficient for cer-
tain symptoms. Braun et al. emphasized in their study that
treatment recommendations should always be supported by
expert physician input to be complete and individualized.21

Although not conducted directly in a palliative patient
group, the study by Bianco et al. focused on chronic pain
patients receiving long-term opioid therapy, a population
indirectly related to palliative care practice. Frequently
asked questions by these patients were submitted to

Figure 1. Heatmap showing p-values from Mann–Whitney U tests comparing psychiatric and non-psychiatric symptom groups across
four evaluation domains for GPT-4 and GPT-5.

Table 3. Direct comparison of ChatGPT-4 and ChatGPT-5 across evaluation domains using Wilcoxon signed-rank tests.

Domain
ChatGPT-4 (Mean,
SD)

ChatGPT-5 (Mean,
SD)

Inter-rater Kappa (GPT-4o and
5)

Effect Size
(r) P-value*

Clinical
appropriateness

3.15, 0.97 3.90, 0.71 0.871–0.886 0.81 0.010

Safety 3.00, 0.94 4.10, 0.72 0.820–0.844 0.98 0.002

Ethical sensitivity 4.55, 0.65 4.75, 0.55 0.833–0.859 0.52 0.102

Understandability 3.20, 1.01 4.05, 0.78 0.806–0.841 0.81 0.011

*Wilcoxon signed-rank tests.
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ChatGPT.22 The reliability, accuracy, and comprehensibil-
ity of ChatGPT’s responses were evaluated.22 Overall,
ChatGPT’s responses showed high reliability and good
comprehensibility. Similarly, in this study, ChatGPT
demonstrated good understandability in pain symptom
management. Bianco et al. also showed that AI systems
have significant potential as complementary tools in patient
education.22 However, it was emphasized that performance
may be limited in questions requiring high technical knowl-
edge or influenced by clinical context. Therefore, integrat-
ing AI applications into clinical practice should involve
collaboration with healthcare professionals to ensure accur-
acy, personalization, and up-to-date responses.22

In the study conducted by Jimenez et al. in 2024, the
researchers investigated the response quality of the AI
tool ChatGPT in various domains of geriatric medicine
and the degree of agreement between its responses and phy-
sicians’ evaluations.23 Designed similarly to this study, the
research involved presenting ChatGPT with 10 clinical
scenarios related to geriatrics and requesting physicians to
assess the AI generated responses using a 5-point Likert
scale.23 Among these scenarios, two were directly related
to delirium. ChatGPT received average scores of 2.9/5
and 3.0/5 for these scenarios, respectively, making them
among the lowest-rated cases in the study.23 These findings
are consistent with this study’s results, in which ChatGPT’s
responses to delirium symptom-related questions also
received lower scores compared to other symptom categor-
ies. These low ratings highlight the limitations of AI in
managing multifaceted conditions like delirium, which

often require rapid clinical assessment and medical intu-
ition. Despite its stronger performance in theoretical or gen-
eral knowledge questions, these findings suggest that
ChatGPT is not yet sufficiently reliable to support clinical
decision-making in complex scenarios such as delirium,
particularly in geriatric and palliative care settings.

Although this study focuses on symptom management,
which remains a relatively underexplored area in the con-
text of palliative care and ChatGPT, several studies in the
existing literature have examined the use of ChatGPT in
other aspects of palliative care. In an observational and
cross-sectional study conducted by Hanci et al. in 2024,
the quality, reliability, and readability of information pro-
vided by ChatGPT and other chatbots on palliative care
were comparatively evaluated.14 Hanci et al. reported that,
overall, the readability levels and content quality of the texts
were found to be inadequate for patient education pur-
poses.14 Therefore, it is emphasized that AI systems used
in sensitive fields such as palliative care should be improved
to provide more understandable and higher-quality informa-
tion.14 In contrast to the approach of Hanci et al., our study
focused on ChatGPT’s responses to symptoms commonly
encountered in the palliative care setting rather than general
patient-generated questions.

In 2024, Kim et al. evaluated the ability of chatbots to
define and distinguish the terms palliative care, supportive
care, and hospice care.16 Kim et al. showed that although
AI platforms generally have high accuracy, they still have
significant limitations in terms of reliability and comprehen-
siveness.16 In 2025, Admane et al. asked AI models to

Figure 2. Radar chart illustrating the mean scores of ChatGPT-4o and ChatGPT-5 across the domains of clinical appropriateness,
safety, ethical sensitivity, and understandability.
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define the terms “terminally ill,” “end of life,” “transitions
of care,” and “actively dying.”24 The study showed that
although chatbots could define some terms with high accur-
acy, they had significant shortcomings in reliability and
readability. Therefore, these technologies should be evalu-
ated under clinician supervision before being used as direct
information sources in palliative care.24

In their 2023 study, Srivastava et al. examined the role of
AI technologies in communication, particularly at the end
of life.25 They evaluated whether ChatGPT could contribute
to communication processes in palliative care. They sug-
gested that ChatGPT could be considered a complementary
tool in therapeutic communication.25 However, these tech-
nologies cannot yet fully replace human interaction; human-
specific qualities such as empathy, intuition, and contextual
awareness remain beyond the scope of AI.25 In their 2024
study, Burry et al. stated that using AI as a direct communi-
cation tool in highly sensitive fields like palliative care is not
appropriate. However, they suggested that it could serve as a
valuable support tool for training physicians in language and
approach for serious illness communication.26

A key methodological limitation of the present study is
its reliance on standardized, scenario-based inputs rather
than real-time clinical encounters. Although this limits the
external validity and may not fully capture the complexity
and variability of real-world patient care, the approach
was deliberately chosen to address several important con-
siderations. First, scenario-based testing allows for ethically
safe and controlled evaluation of AI-generated recommen-
dations without exposing identifiable patient data. This is
particularly relevant in palliative care, where patient vulner-
ability and privacy concerns are paramount. Second, by
standardizing clinical inputs, this design reduces uncon-
trolled variability, enabling fair and consistent comparison
across multiple symptom types and evaluation domains.
In addition to these methodological considerations, the
study has other limitations. First, the scenarios were pre-
pared only in Turkish. Future studies incorporating multi-
lingual scenarios and cross-cultural evaluator panels are
needed to assess generalizability. Considering that the per-
formance of LLMs may vary by language, our findings
mainly reflect the Turkish user experience, which may limit
the generalizability of the results to other languages.
Second, although the physician evaluations involve a high
level of expertise, they may inherently include subjective
judgments. In particular, the ethical sensitivity domain
inherently involves interpretive judgment, as ethical reason-
ing in palliative care is context-dependent and value-laden.
Another limitation is that the responses were evaluated by
only two physicians from the same palliative care unit.
Although inter-rater agreement was excellent, the lack of
a more diverse rating panel may limit the generalizability
of the findings.

Despite these limitations, the study also has several not-
able strengths. To our knowledge, it is one of the first to

evaluate ChatGPT-5 in the context of palliative care and
to directly compare its performance with ChatGPT-4, offer-
ing valuable insights into generational improvements in
LLMs. The use of expert raters with specialized experience
in palliative care ensured high-quality and clinically rele-
vant assessments. Additionally, the structured and
symptom-specific scenario design allowed for a focused
evaluation across multiple critical domains clinical appro-
priateness, safety, ethical sensitivity, and understandability
providing a comprehensive view of the model’s potential
and limitations in clinical decision support.

The release of a new version of an AI model does not
automatically mean that its clinical decision support will
be better. This assumption is especially unreliable in fields
such as palliative care, where safety and ethical principles
are critically important. Therefore, each new model must
be systematically re-evaluated within the relevant domain
to determine whether it offers genuine improvement or
whether there are regressions in safety or ethical perform-
ance.20,27 The findings of this study carry important impli-
cations for both clinical practice and future research in
palliative care. The measurable improvements observed
with ChatGPT-5 highlight its potential as a supplementary
decision support tool, particularly in resource-limited set-
tings where timely access to multidisciplinary expertise is
often restricted. However, AI-generated recommendations
should be regarded as complementary rather than substitu-
tive, ensuring that clinical judgment, ethical oversight,
and individualized care remain central to decision-making.
This perspective aligns with the broader discourse in the lit-
erature, which emphasizes that AI is designed to augment
rather than replace healthcare providers.28

Future research should include multilingual validation
studies, prospective real-world evaluations across diverse
patient populations, and investigations on the safe integra-
tion of AI tools into clinical workflows and electronic health
record systems. In addition, comparative studies assessing
model performance against early-career clinicians may
help clarify the practical utility and potential educational
value of generative AI in palliative care. Furthermore,
research directly comparing generative AI outputs with
the information sources traditionally used by patients and
family caregivers may offer valuable insights into the real-
world relevance, accessibility, and limitations of these
tools. Such efforts will be essential to determine feasibility,
safety, long-term clinical impact, and to guide the respon-
sible adoption of generative AI in clinical practice.

Conclusions
This study is, to our knowledge, among the first to evaluate
ChatGPT-5 in palliative care and to directly compare it with
ChatGPT-4o across several clinically important domains.
Based on 10 standardized symptom scenarios assessed by
experienced physicians, ChatGPT-5 showed significant
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improvements in clinical appropriateness, safety, and
understandability, while ethical sensitivity remained high
in both models without a meaningful difference.

The strong agreement between raters supports the cred-
ibility of these results. Overall, the findings suggest that
LLMs particularly ChatGPT-5 may serve as useful comple-
mentary tools for clinical decision-making in palliative
symptom management. At the same time, the study under-
lines the need for further refinement to improve accuracy,
ensure robust safety mechanisms, and strengthen the inte-
gration of patient-centered ethical principles. Future work
should aim to validate performance in real-world clinical
settings, across different languages, and within existing
healthcare workflows. Ultimately, in a sensitive field such
as palliative care, generative AI should be used only as a
supportive aid, with final responsibility and decisions
remaining in the hands of clinicians.
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